XA R Bt 2025, Vol.46, No.03 267

LI EE DA AL 2 Dl v iy AT 580 Jo

EFEL, W0 OB, R
CRERA R R R S E IR TSN, ER RGN L LRESARM .0, ESBEErE L GERAIN T ARG L,
R SRRV AR BT S SR E MR R0, BT 100083)

i % BUMERNNRNEERY), E&ZRREEIRMT, QUKD EAR. TEN U BRI G, Hi T8
PKIIREAE . BTG GRS AR SR DL ™ BRI BT, EERE e, ik, #EmPuE IS E
TR BARPERR . B RS G DL A Iy TR R R AR SRR R B IR ANl R — R iR
W ARSI ERAS I T, TR R T U BT M . AT B SRR UL LA BORTEA I M E TR K
gy CGEky. MRWT. |ARL VNGRS o BARHE GEmREERAEE . B, RPURRESE) | BT R
Hpt CHrEREE. mfhsn]. EEEARAGKRESE) TN AIR, ML WERERNINAE AL, Ik
Y H ATIEZE AN E BORLEAR WA D A7 A 9 10 B A SRR T 170, LAt — 0 58 3B 2L G BORAE A A
J7 IR B S H AR -

REER: B LA EIRMr BEAERT RS R

Research Progress on the Application of Near Infrared Spectroscopy in Cereal Detection
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Abstract: Cereals, as the staple food for humans, are rich in a variety of nutrients such as moisture, proteins, fats and
carbohydrates. However, the quality of cereals can be seriously affected by long-term storage, mold contamination and
heterogeneous cereals, which jeopardize food security. Therefore, accurate and rapid detection of nutrients, physicochemical
properties, and mold contamination in cereals is essential for food quality control and nutritional assessment. Near infrared
spectroscopy has been widely used as a rapid and non-destructive detection method for cereal analysis in recent years. This
paper aims to review the current status of the application of near infrared spectroscopy in the detection of cereals nutrients
(starch, fat, protein and bioactive compounds), physicochemical properties (starch viscosity, hardness and farinograph
parameters), mold contamination and other aspects (freshness, variety identification, heavy metals and pesticide residues),
summarize and compare the advantages and disadvantages of common model algorithms, and propose some problems and
future trends in the application of near infrared spectroscopy in cereal detection, in order to provide a reference for further
improvement of near infrared spectroscopy in the detection of cereals.
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Fig.1 Different directions for the application of near-infrared

spectroscopy in cereal detection
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Table1  Application of near infrared spectroscopy in cereal

nutrient detection
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